Evaluation of a Vehicle Acceleration Behavior thraigh
Decision Tree Learning

thsan O mirBucak
FahUrived/Engneangacy
Co mpuaEngneangDepament
34500Buyukcek meodienbuTukie
bucak @fahedit

Abstract: The faster that a motor vehicle can acceleratehigta velocity is crucial to
its performance and handling. The accelerationhef ehicle is important to know
because it tells us how the car handles during imgrgnd evasive maneuvering.
Decision trees are powerful and popular tools fassification and prediction. The
attractiveness of decision trees is due to thetfat in contrast to neural networks,
decision trees represent rules. Rules can readilgxpeessed so that humans can
understand them after a brief explanation. Theegftite objective of this paper is to
develop a systematic method using decision treemaxthine learning to evaluate
acceleration behavior of motor vehicles based enfahces acting on the vehicle, i.e.
vehicle dynamics.

Keywords: Vehicle Acceleration, Vehicle Dynamics, Decisione@r Learning,
Machine Learning.
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Method and Data
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